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1
METHOD FOR REGISTERING POINTS AND
PLANES OF 3D DATA IN MULTIPLE
COORDINATE SYSTEMS

FIELD OF THE INVENTION

This invention relates generally to registration of three-
dimensional (3D) data, and more particularly to registering
3D points and 3D planes with each other for real-time recon-
struction applications.

BACKGROUND OF THE INVENTION

3D Reconstruction

Interactive and real-time 3D reconstruction of a scene is
used in a number of applications, e.g., robotics, augmented
reality, medical imaging, and computer vision. Real-time
sparse and dense 3D reconstruction can use passive sensors
such as cameras. However, passive sensors have difficulties to
reconstruct textureless regions.

For reconstructing textureless regions, active 3D sensors
can be used. For example, the Kinect sensor for the Microsoft
Xbox uses an IR pattern for acquiring 3D data as a depth map
from a viewpoint of the sensor in real time.

Other issues relate to processing time, memory require-
ment, and accuracy. Because of the field of view and resolu-
tion, 3D sensors usually produce a partial reconstruction of a
scene. [tis desired to provide an accurate and fast registration
method that can combine successive partial depth maps and a
model of the scene. Inertial sensors are prone to drift. There-
fore, the features in an RGB (texture) image or depth map
need to be relied on for accurate registration. In addition,
depth maps are usually noisy without any higher-level spatial
constraint. Furthermore, the point cloud requires a very large
memory, and is difficult to compress.

3D-t0-3D Registration

Local

Alignment or registration of 3D data is a fundamental
problem in computer vision applications, which can be solved
using several methods. The registration methods can be local
or global. The local methods should start with a good initial-
ization, and register two 3D point clouds using relatively
small iterative moves. This is similar to a non-linear minimi-
zation method that converges to a global solution with a good
initial solution. The most common local method is an iterative
closest point (ICP) method, which iteratively determines cor-
responding 3D points and the moves using a closed-form
solution.

Global

Global methods typically consider the entire 3D point
cloud, identify some key geometric features (primitives),
match the features across point clouds, and generate an opti-
mal hypothesis using a minimal set of correspondences using
a RANdom SAmple Consensus (RANSAC) procedure. The
coarse registration obtained by global methods is usually
followed by local non-linear refinement. Global methods,
unlike local methods, do not require initialization. However,
global methods can suffer from incorrect and insufficient
correspondences. The geometric primitives typically used in
global methods are either points, lines, or planes.

Several global registration methods using homogeneous
and heterogenous correspondences are known. For example,
it is possible to determine a closed-form solution for the
registration given point-to-point, line-to-line, plane-to-plane,
point-to-line, point-to-plane, or line-to-plane correspon-
dences. One method obtains a global optimal solution from
point-to-point, point-to-line, and point-to-plane correspon-
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2

dences using branch-and-bound. Another method uses
branch-and-bound to obtain the optimal correspondences as
well as transformation for the point-to-point registration
problem.

SLAM Using 3D Sensors

In mobile robotics, some 3D-sensor-based methods use a
simultaneous localization and mapping (SLAM) system for
determining a motion of the sensor as well as reconstructing
a scene structure. Those methods typically use geometric
features such as point, line, or plane primitives. 3D sensors
that provide a planar slice of 3D data, such as 2D laser
scanners or ultrasonic sensors, can be used for determining
planar, three degrees-of-freedom (DOF) motion. 3D sensors
that provide full 3D point clouds, such as structured light
scanners, 2D laser scanners attached on moving stages, and
the Kinect sensor can be used for determining six DOF
motion.

RGB-D mapping extracts keypoints from RGB images,
back-projects the points in 3D using depth maps, and uses
three point-to-point correspondences to determine an initial
estimate of the pose using the RANSAC procedure, which is
further refined using the ICP method.

Another method uses three plane-to-plane correspon-
dences in a SLAM system with 3D sensors. That method
addresses the correspondence problem using geometric con-
straints between planes.

Another method uses a combination of smaller field-of-
view (FOV) 3D sensor and a larger FOV 2D laser scanner for
the SLAM system using both planes and line segments as
primitives. That method is designed for a sequential SLAM
system that solves a local registration problem, and cannot
solve global registration.

KinectFusion registers a current depth map with a virtual
depth map generated from a global truncated signed distance
function (TSDF) representation by using a coarse-to-fine ICP
method. The TSDF representation integrates all previous
depth maps registered into a global coordinate system, and
enables higher-quality depth map generation than using a
single image.

Several other variants of the ICP method are known, but the
variants still suffer from local minima issues when the two 3D
point clouds are distinct. Registration methods or SLAM
systems that solely depend on points suffer from insufficient
or incorrect correspondences in textureless regions or regions
with repeated patterns. Plane-based techniques suffer from
degeneracy issues in scenes containing insufficient number of
non-parallel planes.

With 3D sensors such as the Kinect sensor, line correspon-
dences are difficult to obtain because of noisy or missing
depth values around depth discontinuities.

SUMMARY OF THE INVENTION

The embodiments of the invention provide a method for
registering data in two different coordinate systems. The
method uses both points and planes as registration primitives.
The method can be used by a simultaneous localization and
mapping (SLAM) system using 3D sensors. The SLAM sys-
tem is an application of our registration method.

With the method, it is possible to register 3D data sets in
two different coordinate systems using any combination of at
least three point and plane primitives, i.e., 3 planes, 2 planes
and 1 point, 1 plane and 2 points, and 3 points. The method is
particularly concerned with a set of mixed (heterogeneous)
primitives, that is at least two 3D points and at least one 3D
plane, or at least one 3D point and at least two 3D planes.
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That is, the method can use a minimal set of three primi-
tives and a RANSAC procedure to register 3D data and recon-
struct a scene. Because the number of planes is significantly
smaller than the number of points in 3D data, the RANSAC
procedure used by the preferred embodiments uses a primi-
tive combination involving more planes than points, e.g.,
minimally two planes and one point.

In contrast to prior art methods that mainly use points for
registration, the present method has the following advan-
tages. The correspondence search and registration is faster
due to the smaller number of plane primitives, and can be
performed in real time. The method produces plane-based 3D
models that are more compact than point-based models. The
method provides global registration without suffering from
local minima, or initialization problems as in the prior art
local registration methods.

BRIEF DESCRIPTION OF THE DRAWING

FIG. 1 is a schematic of a registration method according to
embodiments of the invention;

FIG. 2 is a flow diagram of a simultaneous localization and
mapping (SLAM) system using the registration method
according to embodiments of the invention;

FIG. 3 is a schematic of a RANSAC procedure used by
embodiments of the invention; and

FIG. 4 is a schematic of a mixed plane and point based
model according to embodiments of the invention.

DETAILED DESCRIPTION OF THE PREFERRED
EMBODIMENTS

The embodiments of the invention provide a method for
registering 3D data in two different coordinate systems. As
shown in FIG. 1, the method can be performed in a processor
150 connected to memory and input/output interfaces as
known in the art.

FIG. 1 shows a schematic of the registration method 100.
The registration method determines a 6-DOF rigid body
transformation 105 between two different coordinate systems
101 and 102 by using two sets of at least three primitives
selected from 3D data in the two different coordinate systems.
The primitives include 3D points 110 and 3D planes 120. The
three primitives in each set include at least one 3D plane, at
least one 3D point, and a third primitive that can be either a
point or a plane. Planes in the two sets are registered with
planes, and points are registered with points. The registration
method can be global and performed in real time.

The registration method can be used by a simultaneous
localization and mapping (SLAM) system, as shown in FIG.
2. The SLAM system is an application of our registration
method. The system can be implemented in a processor 200
connected to memory and input/output interfaces as known in
the art. An example input 201 to the SLAM system is a set of
one or more depth maps 202. A depth map describes a depth
value (distance) of each pixel in the map, thus providing a 3D
point cloud by back-projecting the pixels in the map accord-
ing to their depth values. The SLAM system can optionally
acquire a set of one or more 2D texture images 203 corre-
sponding to the depth maps. The texture images can be gray-
scale or have RGB color channels. The depth maps can be
acquired by a 3D sensor, e.g., a passive stereo camera 204 or
anactive IR or laser scanner 205, while the texture images can
be acquired by a camera, e.g., a single camera in the stereo
camera 204 or a dedicated camera 206. The 3D sensor and the
camera can be hand-held by a human, or can be held by a
machine, e.g., a robot arm or a mechanically moving stage.
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The key concept is that the input can be acquired by movable
sensors; our registration method determines the motion of the
sensors and reconstructs a scene by registering 3D point
clouds acquired at different viewpoints.

Our SLAM system selects 210 a set of 3D point and 3D
plane primitives from the input (referred to as measurements
211) and registers 220 the points and planes with respectto a
set of point and plane primitives in a global map 225 (referred
to as landmarks 221). Each set includes at least one 3D point
and at least one 3D plane. The third primitives in the sets can
be either both points or both planes. The registration is per-
formed by registering the points with points in the two sets,
and the planes with planes in the two sets.

The SLAM system performs the registration method with
a RANdom SAmple Consensus (RANSAC) procedure 220
using the minimal three primitives. Optimization 230 can be
applied to the global map as additional inputs are acquired.

3D Points

Our SLAM system selects one or more keypoints in the 3D
point cloud to obtain the 3D point primitives. The keypoints
can be selected using 3D keypoint detectors from the 3D point
cloud without using a texture image. Example 3D keypoint
detectors include Normal Aligned Radial Feature (NARF)
and 3D Speeded Up Robust Feature (SURF). Alternatively,
the system can select 2D keypoints from each texture image
using 2D keypoint detectors and back-project the keypoints
using the corresponding depth value to obtain the 3D point
primitives. Example 2D keypoint detectors include Scale-
Invariant Feature Transform (SIFT) and Speeded Up Robust
Feature (SURF). Those 3D and 2D keypoint detectors also
provide a feature descriptor for each detected keypoints.

Each point primitive is represented by a position p,, and a
descriptor D,, (p,,.D,,) of a keypoint. The descriptor can be
used for matching the 3D point primitives between the mea-
surements and landmarks.

3D Planes

To select planes from the 3D point cloud, we use the fol-
lowing iterative procedure:

1. Randomly select a set of reference points in the 3D point
cloud;

2. Determine an optimal plane for each reference point using
nearby points inside a local window;

3. Determine all inliers that form a connected component with
the reference point with respect to a grid graph of the depth
map;

4. Identify an optimal plane with a sufficient and maximum
number of inliers; and

5. Remove inliers from the 3D point cloud.

Each plane primitive is represented by plane parameters 7,
and a set of inliers I,,,. The plane parameters form a 4D vector
n,—(n,,7,d, )", where n,, is a unit normal vector, and d, is a
distance to the origin of the coordinate system.

Registration

A pose 240 of the sensor i.e., a 6-DOF rigid body transfor-
mation with respect to a coordinate system of the global map)
is determined by registering the primitives in the measure-
ments with respect to the primitives in the landmarks in the
global map. Our registration method using both points and
planes and our RANSAC procedure are described below.

Map Update

Our SLAM system updates 250 the global map by adding
point and plane primitives selected from keyframes. The cur-
rent frame is considered a keyframe only if the pose is suffi-
ciently different from previous keyframes (e.g., the transla-
tion and rotation of the current frame are different from the
translations and rotations of previous keyframes by more than
predetermined thresholds). Each point landmark is repre-
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sented by the position p, and the descriptor D, as ((p,,D;). Each
plane landmark is represented by plane parameters m,=(n,%,
d)7 and a set of inliers I, as ((m,,1,).

Map Optimization

To jointly refine the registration between all keyframes, our
SLAM system performs optimization 230 by bundle adjust-
ment, using both the points and the planes. The bundle adjust-
ment is performed in a separate thread asynchronously from
a main thread for tracking the camera pose using the regis-
tration method. The details of the bundle adjustment are
described below.

Registration Using Points and Planes

Our registration method uses point-to-point and plane-to-
plane correspondences and provides a closed-form solution.
The method is applicable to three or more correspondences.
Thus, the method can be used to generate hypotheses using
the minimal number of three correspondences in our
RANSAC procedure, as well as to refine the initial hypothesis
given by the RANSAC procedure using all inlier correspon-
dences.

Closed-Form Solution for Mixed Point-to-Point and Plane-
to-Plane Correspondences

Let {p,} and {p";},i=1,. .., M, be corresponding 3D points,
and {w~(n,",d)"} and {7'~(n'",d)"},j=1,.. ., N, be corre-
sponding 3D planes in two different coordinate systems. We
determine a 6-DOF rigid body transformation [R, t] between
the coordinate systems, where R is a 3x3 rotation matrix and
tis a 3x1 translation vector.

Solutions for Individual Cases

For point-to-point correspondences, the rotation and trans-
lation components can be decoupled. Let

ﬁ=%2p; andﬁ’=%2pf

be the centroids of the 3D point sets, and q,=p,~p and q'~p",~
p'. Then, a least-squares solution for the rotation that mini-
mizes the error

M

> llg = Rg;l?
i

is obtained by using quaternion representation of rotation or
singular value decomposition (SVD). Using the estimated
rotation R, the translation is a difference between the rotated
centroids
t=p-Rp. @
For the plane-to-plane correspondence case, the rotation is
obtained by minimizing the error

©)

2
>l = R,
J

which can be solved similar to the case of point-to-point

correspondences. For determining the translation, we can

stack the following liner constraint for three or more planes

and solve the linear system:
nt1=d'~d,.

Q)

Here, Tis a transpose operator.
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Solution for Mixed Case

For the mixed case, we have point-to-point and plane-to-
plane correspondences. We exploit the decoupling used in the
individual cases to determine the rotation and the translation.
To determine the rotation, we combine Egs. (1) and (3) as

> lig; = Rl + 3" will; = RyiP, &)
i J

where w; are the weights for planes, which can change for
each plane correspondence. Eq. (5) shares the same form as
Egs. (1) and (3), and the optimal rotation is obtained in the
same manner. Specifically, we define a 3x3 correlation matrix
Kas

©

’ T s T
K:Zqiqi +ijnjnj.
i i

Let K=UDV7 be a singular value decomposition (SVD) of
K. Then, the optimal rotation R is

M

1
kR=u| 1 vT.
det(UV)

To determine the translation t, we minimize the following
error:

A 2
M~ (7= R7)|" + 3wyt e- 0 - . ®
7
This corresponds to defining a linear system
1 ©
1 P-kp
1
A P
ny djy —dy
A b
with a diagonal weight matrix W=diagM, M, M, w, . . .,
wy). Then, a weighted least-squares solution is t=

(ATWA)TATWD.

Degeneracy Issues

To uniquely select R and t, the correlation matrix K in Eq.
(6) and matrix A in Eq. (9) should satisfy certain conditions.
To uniquely determine R, the rank of'the correlation matrix K
should be greater than one, and at least one of the following
conditions should be true:
1. det(UVT)=1.
2. The minimum singular value of K is a simple root.

For the translation t to be uniquely determined, the matrix
A in Eq. (9) should be rank three.

The matrices K and A satisty the above properties if the
correspondences possess at least one of the following: 3
planes, 2 planes and 1 point, 1 plane and 2 points, and 3 points.
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In the RANSAC procedure in our SLAM system, we use
these minimal numbers of correspondences to generate
hypotheses.

RANSAC Procedure

In contrast to correspondences just in a 2D image space,
our 3D primitives provide several invariants that can be used
to identify false matches. Given corresponding points and
planes in two different coordinate systems, certain geometric
entities determined in one coordinate system should substan-
tially match the corresponding entities in the second coordi-
nate system.

We identify the following three invariants in each coordi-
nate system: 11 based on the distance between two points; 12
based on the distance between a point and a plane; and 13
based on the angle between two plane normals.

Corresponding geometric primitives can be associated
with an invariant vector I=(i,,i,,1;), where i,, i,, and i; corre-
spond to the number of invariants with respect to the type 11,
12, and 13, respectively.

All the corresponding triplets involving points and planes
possess a total of three invariants: 3 points: 1=(3,0,0); 1 plane
and 2 points; [=(1,2,0); 2 planes and 1 point: [=(0,2,1); and 3
planes: 1=(0,0,3).

An interpretation tree or a branch-and-bound method can
be used to identify false matches using these invariants. For
our RANSAC procedure, we use a simple interpretation-tree-
based pruning.

Prior to deleting mismatches based on the invariants, we
obtain some initial correspondences. In the case of points, we
use the SURF descriptors to obtain the correspondences. In
the case of planes, we start with all possible correspondences
and delete the mismatches based on the invariants. The
RANSAC procedure that uses three planes is much faster than
the one using three points because the number of planes in 3D
data is usually much smaller than the corresponding number
of points. Moreover, because planes are generated by many
points, planes are less affected by noise in 3D data, leading to
a more accurate registration. Therefore, as shown in FIG. 3,
we initialize the RANSAC procedure with a triplet of primi-
tives, if available, in the following preferred order: 3 planes
301, 2 planes and 1 point 302, 1 plane and 2 points 303, or 3
points 304.

A termination condition for the RANSAC procedure can
be a predetermined minimal number of correspondences to be
sampled.

Bundle Adjustment with Points and Planes

Our SLAM system optimizes the following variables in the
bundle adjustment: Point landmarks p,/=(x’,y’,z'), plane
landmarks 7t/=(a/,t/,¢/.d’), and keyframe poses T*=(t.",t, /.t ¥,
0.%.6,%,6.5.

Here, tk:(txk,tyk,tzk) are the (x,y,z) components of the trans-
lation of the kth keyframe, and ek:(ex’:ey’: 0,%) represent the
rotation around (X,y,z) axes. The rotation matrix R* of the kth
keytframe is represented by Rk:RZ(GZk)Ry(eyk)Rx(exA).

We determine a Jacobian matrix using point/plane primi-
tives associated with each point/plane landmark as follows.

Point Landmarks

For point landmarks, we minimize an Euclidean distance
error between a point landmark p,’ and an associated point
P =%, 5y 5z, in the k™ keyframe, which is

llp/=(Rp,,/+#=0.
Using the current estimate of the landmark p,=(X’,¥",2’) and
the keyframe pose [R¥,t"], we linearize Eq. (10) as
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|} +Aap; - (AR Bl + ad)| =0, (8

N »
where ﬁlfn =R p’,‘ﬂ +7 and

1 -Ad Ag a2
ARM = AdF 1 A
-AgE A1

From Eq. (11), we obtain three equations separately for
each (x,y,z) component. The equation for the x component is

a3

and those for the y and z components can be similarly
obtained.

Plane Landmarks

For plane landmarks, we minimize a geometric error
defined by a sum of distances between a plane landmark and
3D points sampled from associated planes in a keyframe.
Specifically, we uniformly sample 3D points x,,~* from inlier
3D points of a plane primitive 7, *, and determine the distance
between each sampled point and the associated plane land-
mark my. Thus, the geometric error we minimize is

k ks
S

We linearize Eq. (14) using a current estimate of the plane
landmark iy=(#,5/,&/.&), and the keyframe pose [R*,t"] as

. . k pkos
Z(”{ +Ad)T(AR xml +AF ] o,
S

& ks Nk ks th_cn ks ks
where x,,"=R"x, " +"=(X,,*.¥ ,.

tion, we have

14

1s)

2,.). After simplifica-

4 T A (16)
m a
S N
2/;(; Ac
1 Adt
@ A s
b A, Yl
g ) g
¢ Al
dighes _ b s N
aizl;n s _ gl an s AO’;
Bks _ ks | LA
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Geometric Constraints Between Plane Landmarks

Our SLAM system can optionally enforce geometric con-
straints between plane landmarks in the bundle adjustment.
The geometric constraints include parallelism and orthogo-
nality. Orthogonal or parallel planes can be commonly
observed in man-made environments, where enforcing the
geometric constraints is useful to obtain an accurate registra-
tion.

For every pair of plane landmarks, 7t/=(2/,t/,¢/,d/) and 7t/ =
@'V Jd"), we check whether the angle between normal
vectors of the two planes is sufficiently close to O degrees
(parallel) or 90 degrees (orthogonal) using a predetermined
threshold. If true, then we enforce the following constraint

AV =S, an
where S=1 if the two planes are sufficiently close to parallel,
while S=0 if the two planes are sufficiently close to orthogo-
nal.

Using current estimates of the two plane landmarks, =
(#.V,&,d) and nf =(&",",&7,d"), we linearize Eq. (17) as

@ +aa)(@" +aa”)+ (18)

(@j + Abf)(éj/ + Ab"/) +(@ ch)(éj/ +acl)=s.

After simplification, Eq. (18) results in

s \T
aj Aaj (19)
5| | ap
~F Act -
’ ‘ =s-(a/a" 5 b+
& Aal '
N J
B Ab
) 7
N Ac
Solution

Stacking Egs. (13), (16), and (19) for all landmarks and
keytrames results in a linear system JA=-¢,, where the Jaco-
bain matrix is J, the error vector is €;, and the update vector is
A=(Ap/, Art/, AT"). We use a Gauss-Newton method to solve
the optimization problem.

Implementation

Our real-time SLAM system uses texture images and depth
maps having a 640x480 pixel resolution. We visualize the
point and plane landmarks superimposed onto the current
point cloud when the registration is successful. Our SLAM
system always determines the global registration frame-by-
frame with respect to the global map. Thus, registration fail-
ures do not affect subsequent inputs. Our SLAM system
provides reconstructed plane landmarks as a plane-based rep-
resentation of the scene, which is more compact and provides
more semantic information than a point-based representation
of the scene.

EFFECT OF THE INVENTION

The invention provides a registration method that uses both
points and planes as primitives to register 3D data in two
different coordinate systems. Using the registration method, a
real-time SLAM system for 3D sensors that uses both point-
to-point and plane-to-plane correspondences for registration
is developed. Using both primitives enables faster and more
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accurate registration than only using points. Our SLAM sys-
tem generates a 3D model as a set of planes, which provides
more compact and semantic information of the scene than,
strictly point-based representations.

The invention shows that any combination of three 3D
point/plane primitives allows for registration between two
different coordinate systems. The invention also shows a
bundle-adjustment framework that uses both 3D points and
3D planes to jointly optimize the registration between mul-
tiple coordinate systems. The bundle-adjustment framework
can enforce geometric constraints between 3D planes, such as
parallelism and orthogonality, to further improve the regis-
tration accuracy for man-made environments.

The use of planes enables both faster reconstruction and
compact modeling. Local methods, such as iterative-closest
point (ICP) methods, are prone to local minima issues under
fast motion of the 3D sensor, while our registration method
provides a global solution and avoids local minima problems.

The method is different from methods that extract plane
primitives from 3D point clouds that are already registered.
Instead, the method uses plane and point primitives selected
from individual 3D point cloud for registration. Using planes
with points in the registration enables a more efficient and
accurate registration than using only points.

As shown in FIG. 4, the output of our SLAM system is a
registered point cloud 401 and a plane-based representation
402 of the scene. The plane-based representation provides
more compact and semantic information than the point-based
representation. The representation is generated in real time.

Because the invention uses both points and planes, failures
present in prior art methods are avoided. This mixed mode
registration is novel.

A closed-form solution to registration is provided for
point-to-point and plane-to-plane correspondences in a uni-
fied manner.

Although the invention has been described by way of
examples of preferred embodiments, it is to be understood
that various other adaptations and modifications can be made
within the spirit and scope of the invention. Therefore, it is the
object of the appended claims to cover all such variations and
modifications as come within the true spirit and scope of the
invention.

We claim:

1. A method for registering data, wherein the data have
three dimensions, comprising the steps of:

selecting a first set of primitives from the data in a first

coordinate system, wherein the first set of primitives
includes at least one plane, at least one point, and a third
primitive that is either a point or a plane;

selecting a second set of primitives from the data in a

second coordinate system, wherein the second set of
primitives includes at least one plane, at least one point,
and a third primitive corresponding to the third primitive
in the first set of primitives;

determining a six degrees of freedom rigid body transfor-

mation [R, t] between the first coordinate system and the
second coordinate system minimizing an error metric
formed by a combination of a point-to-point error metric
and a plane-to-plane error metric, wherein the point-to-
point error metric includes a distance between the point
in the first coordinate system and the point in the second
coordinate system transformed with the six degrees of
freedom rigid body transformation, and wherein the
plane-to-plane error metric includes a distance between
the plane in the first coordinate system and the plane in
the second coordinate system transformed with the six
degrees of freedom rigid body transformation; and
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registering, in the first and second set of primitives, planes
with each other and points with each other to obtain
registered primitives including registered points and
registered planes, such that coordinates of the registered
points are matched with each other, and normals of the
registered planes and distances between the registered
planes and an origin of the first or the second coordinate
system are matched with each other, using the six
degrees of freedom rigid body transformation wherein R
in the six degrees of freedom rigid body transformation
is a rotation matrix and t is a translation vector, wherein
the registering is used in a simultaneous localization and
mapping system wherein steps of the method are per-
formed by a processor wherein the data has been
acquired as a depth map acquired by a sensor.
2. The method of claim 1, wherein the registering is global.
3. The method of claim 1, wherein the registering is in real
time.
4. The method of claim 1, further comprising:
acquiring the data as a depth map.
5. The method of claim 4, wherein the depth map is
acquired by a 3D sensor.
6. The method of claim 5, wherein the 3D sensor is move-
able during the acquiring.
7. The method of claim 4, further comprising:
maintaining the registered primitives in a global map.
8. The method of claim 7, wherein the global map is opti-
mized by bundle adjustment using the points and the planes.
9. The method of claim 8, wherein the bundle adjustment
enforces geometric constraints between the planes.
10. The method of claim 4, wherein the registering uses a
random sample consensus procedure.
11. The method of claim 4, further comprising:
representing each point by a position and a descriptor, and
each plane by a unit normal vector and a distance to an
origin of the corresponding coordinate system.
12. The method of claim 4, wherein each plane is selected
by:
randomly selecting a set of reference points in a 3D point
cloud;
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determining an optimal plane for each reference point
using nearby points inside a local window;

determining all inliers that form a connected component
with the reference point with respect to a grid graph of
the depth map;

identifying an optimal plane with a predetermined number

of the inliers; and

removing the inliers from the 3D point cloud.

13. The method of claim 4, wherein each point is selected
by a 3D keypoint detector.

14. The method of claim 4, further comprising:

acquiring a texture image corresponding to the depth map.

15. The method of claim 14, wherein each point is selected
by a 2D keypoint detector applied to the texture image and
back-projecting detected keypoints using the depth map.

16. The method of claim 15, wherein the texture image is
acquired by a camera.

17. The method of claim 1, further comprising:

identifying false matches during the registering based on: a

distance between points; a distance between a point and
a plane; or an angle between normals of two planes in
each coordinate system.

18. The method of claim 1, wherein an output of the
method includes a registered point cloud and a plane-based
representation of a scene.

19. The method of claim 1, wherein the error metric
includes

> llgf = Rgill® + > will; = Rl
i J

wherein 1 and j are positive integers, ¢ is the point in the first
coordinate system, q is the point in the second coordinate
system, 1’ is the plane in the first coordinate system, n is the
plane in the second coordinate system, and w is a weight for
corresponding planes.

20. The method of claim 19, wherein w changes for each
corresponding planes.
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